


    

    









skip to main content    
        




        
        









    
    
        
        



        
        









    
    
        
        



        
        









    
    
        
        



        
        

        

    











    
    
        
        



        
        

        

    












    
    
        
        



        
        	



        
        Advanced Search

	



        
        Browse

	



        
        About

	



        
        




    








    
    
        





    












    	
            
                Sign in
            
        
	
            
                
                
                    
                        Register
                    
                
            
        







    






        

    




        

    











    
    
        
        



        
        
	

	Advanced Search
	Journals
	Magazines
	Proceedings
	Books
	SIGs
	Conferences
	People
	

	More

	







        
        Search ACM Digital Library

SearchSearch






        
        Advanced Search








        

    





        
        10.1145/3292500.3330680acmconferencesArticle/Chapter ViewAbstractPublication PageskddConference Proceedingsconference-collectionskdd
	Conference
	Proceedings
	Upcoming Events
	Authors
	Affiliations
	Award Winners
	More


























    
    
        
        



        
        



        
        



        
        	Home
	Conferences
	KDD
	Proceedings
	KDD '19
	Time-Series Anomaly Detection Service at Microsoft






        

    




        
    













    
    
        
        



        
        









    
    
        
        



        
        
research-article 



        
        
Share on	
	
	
	
	





Time-Series Anomaly Detection Service at Microsoft

  	Authors: 
	 Hansheng Ren
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Bixiong Xu
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Yujing Wang
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Chao Yi
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Congrui Huang
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Xiaoyu Kou
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Tony Xing
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Mao Yang
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Jie Tong
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
,
	 Qi Zhang
 Microsoft, Beijing, China
 
  Microsoft, Beijing, China
View Profile
 
 

Authors Info & Claims 
 
 KDD '19: Proceedings of the 25th ACM SIGKDD International Conference on Knowledge Discovery & Data MiningJuly 2019Pages   3009–3017https://doi.org/10.1145/3292500.3330680

Published:25 July 2019Publication History




        
        
	254citation
	6,274
	Downloads

Metrics
Total Citations254
Total Downloads6,274
Last 12 Months1,225
Last 6 weeks132



	Get Citation AlertsNew Citation Alert added!

This alert has been successfully added and will be sent to:
You will be notified whenever a record that you have chosen has been cited.

To manage your alert preferences, click on the button below.
Manage my Alerts

New Citation Alert!

Please log in to your account






	
	
	Publisher Site

	
	Get Access









KDD '19: Proceedings of the 25th ACM SIGKDD International Conference on Knowledge Discovery & Data Mining
Time-Series Anomaly Detection Service at MicrosoftPages   3009–3017





        
        PreviousChapterNextChapter














ABSTRACT


		Large companies need to monitor various metrics (for example, Page Views and Revenue) of their applications and services in real time. At Microsoft, we develop a time-series anomaly detection service which helps customers to monitor the time-series continuously and alert for potential incidents on time. In this paper, we introduce the pipeline and algorithm of our anomaly detection service, which is designed to be accurate, efficient and general. The pipeline consists of three major modules, including data ingestion, experimentation platform and online compute. To tackle the problem of time-series anomaly detection, we propose a novel algorithm based on Spectral Residual (SR) and Convolutional Neural Network (CNN). Our work is the first attempt to borrow the SR model from visual saliency detection domain to time-series anomaly detection. Moreover, we innovatively combine SR and CNN together to improve the performance of SR model. Our approach achieves superior experimental results compared with state-of-the-art baselines on both public datasets and Microsoft production data.
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